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Abstract

This paper proposes a multiobjective evolutionary algorithm (MOEA) inspired by quantum

computing, named quantum-inspired multiobjective evolutionary algorithm (QMOEA). In the previous papers,

quantum-inspired evolutionary algorithm (QEA) was proved to be better than conventional genetic algorithms

for single objective optimization problems. To improve the proximity as well as the diversity in MOEAs,

QMOEA is proposed by employing the concept and principles of quantum computing such as a quantum bit,

uncertainty, and superposition of states. Experimental results pertaining to the multiobjective 0/1 knapsack
problem show that the QMOEA finds solutions close to the Pareto-optimal front while maintaining a better

spread of nondominated set.
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